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12 According to the Pentagon , 152 female troops have
been killed while serving in Iraq and Afghanistan .
7 The Pentagon says 152 female troops have been

killed while serving in Iraq and Afghanistan .

5 The military says 152 female have died .
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BLEU 1+ SARIt BLEUgr| XE®D MAE]| MPMI*
source 21.37 2.82 100.0 10.73 0.08
reference 100.0 70.13 18.30 0.00 0.23
s2s 20.43 28.21 37.60 4.38 0.12
s2s+grade 20.82 29.44 31.96 3.77 0.15
s2s+grade+TFIDF 21.00 29.58 31.56 3.75 0.15
s2s+grade+PPMI 21.86 29.59 31.38 3.69 0.19
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AJ1  In its original incarnation during the ¢ 60s , African-American ” freedom songs ”

12

aimed to motivate protesters to march

into harm ’s way and , on a broader scale , spread news of the struggle to a mainstream audience .

s2s+grade: In the 1960s , African-American ” freedom songs are aimed to motivate protesters to march into harm ’s way .

7 s2s+grade+PPMI: In its original people in the 1960s ,

to march into harm ’s way .

African-American ” freedom songs are aimed to inspire protesters

s2s+grade: In the 1960s , African-American ” freedom songs are aimed to motivate protesters to march into harm ’s way .

s2s+grade+PPMI: African-American ” freedom songs are aimed to inspire protesters to march into harm ’s way .

K 4 BHZBEITBI D s2s+grade BEEFIE) & s2s+grade+PPMI
(R%EFIE) © FKGL ¥ MPMI

. FKGL MPMI
g

BEFE  REFE  ES  BHEFE REFE
<8> 4.92 5.33 +0.41 0.11 0.12
<7> 4.87 5.25 +40.38 0.10 0.12
<6> 4.47 4.56 +0.09 0.12 0.14
<5> 3.51 3.71 +0.20 0.13 0.15
<4> 2.68 2.69 +0.01 0.16 0.19
<3> 2.06 1.89 —0.17 0.18 0.23
<2> 1.81 1.44 —-0.37 0.20 0.24
MAE 1.52 1.45 — — —

MAELen:% S [Len(sk) — Len(sz)|  (8)
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MPMI iFRAUTRT@ED, HOTE TN E&HFEL

T S D —BE I D W CHEEOH S B %2 FHliT 5.

S>> PMI(w, 1) (9)

s€Target weEs
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EHANTELZ L BPHL MR T2,
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FAEERTOXE L DEWLEHAITETWS
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AJIX She said the college application process can be especially stressful for immigrant students .
TEfiRSC Albrecht said applying for college can be especially tough for immigrants .
BEfFFE  She said the college program can be especially hard for immigrant students .
fEZFiE  She said it can be very hard for immigrant students .
xR 6 FHiiHT— &ty b2 S EERIHE N 25 BT 2T T =4
BEAE  BE% BT RESEN B Bl BEAR SR
BEAF IR 14 9 50 20 28 21
RETFIL 11 15 48 4 23 21 19
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5 MR AT U7z 25 XUZDWT, s2s+grade BEFETIE)
B & U s2s+grade+PPMI (REFiE) DL I — 45 %247
Bole. TITIE, THFANERGLICE T S AERN R EME
THIEME LOBHBIZOWVWT, TNTLOMABEI LT
T —BEANFTHNZ, ETEBIET LTI —HHD
72z, AJIC - W3- EXDO=2MEHLT, A
BE S R E LB AR d o 26T (BAR) TN
EEMERNCEIRL TV AT (AKE%) 28A 7. )
CEBIZET 2 T T — DIz, ATXF O BTN
ST, IEU < EHU &R (ERRLD), #Eo 72 REITE
L 7= tE i (BRI, BT R EZDERR LR o 7218
i (BMAR), BT RETRVWHIERL ZEH (B
%) #EZ I

R 5EFETT—atroflThdH, TRUIREEFTEZRL T
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LTEY, Bz LThyrhIng., £/, ANX
DA immigrant students IXWTNDETFTIVHAIZE
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ORISR — DIEMCE WD, ASRIEMSUIEBIEIES 5
72, B RIgBHETH> THIELWETRE LI XHTE
%, LU, TITRE-EMXDOREDAZ LML 55
UWEkli 24772 5 726D, AEOFii & » B FHMiT N 5.

(© 2019 Information Processing Society of Japan

® 6 OOHRERD S, REFRIBFFECHRT, A
W2 13 % WHEIE AL IE DR <, &) R I A %
fFoTWB I LDbHD. BIRD ABUE (= g% )
FREFES L, BEFHEN L ThHY, BEFHEN
IDELKERTELZLOD, WIFnBEW. 7z
TH A (: E?Q%ESZIJJJr%gg%JrE?@i@%) 25, RETEY
2, B FED L 2B, BEMAOMY IFZ V. 7,
MR (= BRICRIRD ) Rkt 2T, BT
ZThd. THFRAMEZGICBWTIE, #RaRE (Ek
TREEAT) EFFIEVIADS (BT ZEAHN
THB7D, FHOEBOFBREERT S &ML L.
W PR RETERVWIT NG, EHROMHERICHARTHE
BEMENDIZHIEMENZ DA 5. HBOHS
EHEELTT ¥ A OHGERIMET S RETERE, &
b BMI A S L BB ZIT O A, LD IELWEEEE

HTBZEVEHOBETH 5.
6. BbHUIC

AW TIE, HEOHGEITFHT S & TrmE R
DEGHZITD T X A MEGILTFEZRE L. X0
ELHEOHEOMIIZL - THHAEZEAMIITITLI LT,
BLEU $ & U' SARI (2 & & HERHIABEAF 5% Em D,
RMGH 2D EME LMD EHENTE 5 2 L 2 M@ L. £
HBET L DR S B, RETFIEIREIT S FERN
2 KD BRI 2 EBTE 5 Z L 2R L 2.

AW TIE, Scarton and Specia [12] & [FkkIZ, XED
WAEEEXDOHGE L AL LTz, TF A bOFHMHEXH
BEEIZDWTIE, XFE [20] ®FEA [21,22] D HALTIZAFSE
INTWBED, RN TOHGEHEIZTSBROBETH 5.

EIE

AHFFE 1% Microsoft Research Asia DBk & 217 7-H D
TY9.




BHRLEF SRR E
IPSJ SIG Technical Report

SE
[1]  Shardlow, M.: A Survey of Automated Text Simplifica-

2]

(4]

[5]

(6]

(7]

(8]

(9]

(12]

(13]

tion, International Journal of Advanced Computer Sci-
ence and Applications, Special Issue on Natural Lan-
guage Processing 2014, Vol. 4, No. 1, p. 425 (2014).
Krashen, S. D.: The input hypothesis: Issues and impli-
cations, New York: Longman (1985).

Petersen, S. E. and Ostendorf, M.: Text Simplifica-
tion for Language Learners: A Corpus Analysis, Speech
in Language Technology in Education (SLaTE2007),
No. SLaTE, p. 4 (2007).

Specia, L.: Translating from Complex to Simplified Sen-
tences, Lecture Notes in Computer Science (including
subseries Lecture Notes in Artificial Intelligence and
Lecture Notes in Bioinformatics), Vol. 6001 LNAI, pp.
30-39 (2010).

Wubben, S., van den Bosch, A. and Krahmer, E.: Sen-
tence Simplification by Monolingual Machine Transla-
tion, In Proceedings of the 50th Annual Meeting of the
Association for Computational Linguistics, Vol. 1, pp.
1015-1024 (2012).

Xu, W., Napoles, C., Pavlick, E., Chen, Q. and Callison-
Burch, C.: Optimizing Statistical Machine Translation
for Text Simplification, Transactions of the Association
for Computational Linguistics, Vol. 4, No. 1, pp. 401—
415 (2016).

Nisioi, S., Stajner, S., Ponzetto, S. P. and Dinu, L. P.:
Exploring Neural Text Simplification Models, In Pro-
ceedings of the 55th Annual Meeting ofthe Association
for Computational Linguistics, Vol. 2, pp. 85-91 (2017).
Zhang, X. and Lapata, M.: Sentence Simplification with
Deep Reinforcement Learning, In Proceedings of the
2017 Conference on Empirical Methods in Natural Lan-
guage Processing, pp. 584-594 (2017).

Vu, T., Hu, B., Munkhdalai, T. and Yu, H.: Sen-
tence Simplification with Memory-Augmented Neural
Networks, In Proceedings of the 2018 Conference of the
North American Chapter of the Association for Com-
putational Linguistics: Human Language Technologies,
Vol. 2, pp. 79-85 (2018).

Guo, H., Pasunuru, R. and Bansal, M.: Dynamic Multi-
Level Multi-Task Learning for Sentence Simplification,
In Proceedings of the 27th International Conference on
Computational Linguistics, pp. 462476 (2018).

Zhao, S., Meng, R., He, D., Andi, S. and Bambang, P.:
Integrating Transformer and Paraphrase Rules, In Pro-
ceedings of the 2018 Conference on Empirical Methods
in Natural Language Processing, pp. 3164-3173 (2018).
Scarton, C. and Specia, L.: Learning Simplifications for
Specific Target Audiences, In Proceedings of the 56th
Annual Meeting of the Association for Computational
Linguistics, pp. 712-718 (2018).

Xu, W., Callison-Burch, C. and Napoles, C.: Problems
in Current Text Simplification Research: New Data Can
Help, Transactions of the Association for Computa-
tional Linguistics, Vol. 3, pp. 283-297 (2015).

Zhu, Z., Bernhard, D. and Gurevych, I.: A Monolingual
Tree-based Translation Model for Sentence Simplifica-
tion, Computational Linguistics, No. August, pp. 1353—
1361 (2010).

Coster, W. and Kauchak, D.: Simple English Wikipedia:
A New Text Simplification Task William, Research Jour-
nal of Agricultural Sciences, pp. 665-669 (2011).
Johnson, M., Schuster, M., Le, Q. V., Krikun, M., Wu,
Y., Chen, Z., Thorat, N., Viégas, F., Wattenberg, M.,

(© 2019 Information Processing Society of Japan

[17]

[18]

[21]

[22]

Vol.2019-NL-240 No.8
2019/6/13

Corrado, G., Hughes, M. and Dean, J.: Google’s Mul-
tilingual Neural Machine Translation System: Enabling
Zero-Shot Translation, Transactions of the Association
for Computational Linguistics, pp. 339-351 (2016).
Niu, X., Rao, S. and Carpuat, M.: Multi-Task Neu-
ral Models for Translating Between Styles Within and
Across Languages, In Proceedings of the 27th Interna-
tional Conference on Computational Linguistics, pp.
1008-1021 (2018).

Junczys-Dowmunt, M., Heafield, K., Hoang, H., Grund-
kiewicz, R. and Aue, A.: Marian: Cost-effective High-
Quality Neural Machine Translation in C++, In Pro-
ceedings of the 56th Annual Meeting ofthe Associa-
tion for Computational Linguistics, System Demon-
strations, pp. 116-121 (2018).

Papineni, K., Roukos, S., Ward, T. and Zhu, W.-J.:
BLEU: a Method for Automatic Evaluationof Machine
Translation, In Proceedings of the 40th Annual Meeting
of the Association for Computational Linguistics, pp.
311-318 (2002).

Kincaid, J. P., Fishburne Jr., R. P., Rogers, R. L. and
Chissom, B. S.: Derivation Of New Readability Formulas
(Automated Readability Index, Fog Count And Flesch
Reading Ease Formula) For Navy Enlisted Personnel,
Technical report, Defence Technical Information Cen-
ter Document (1975).

Pavlick, E. and Callison-Burch, C.: Simple PPDB: A
Paraphrase Database for Simplification, In Proceedings
of the 54th Annual Meeting of the Association for Com-
putational Linguistics, pp. 143-148 (2016).

Maddela, M. and Xu, W.: A Word-Complexity Lexicon
and A Neural Readability Ranking Model for Lexical
Simplification, In Proceedings of the 2018 Conference
on Empirical Methods in Natural Language Processing,
pp. 3749-3760 (2018).



