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Fig 1. Overview of Regression Model
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Fig 2. Overview of Ensemble Model

XLM-Roberta Regressor (fig1)
- Add language tags to input
- Average encoder vectors

Emsemble model (fig2)
- Combine different regressor architectures
- Emsemble prediction score and sentence generation probability
- Emsemble scores by boosting tree
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Introduction
- Quality Estimation (QE): estimate translation quality without reference sentences
- Ensembled XLM-RoBERTa regressors with language tags for QE shared task
- Ranked in the 3rd in Pearson correlation and 2nd in MAE and RMSE

Conclusion
- Apply XLM-RoBERTa to QE
- In the official evaluation, 
   we ranked 3rd in Pearson and 
   2nd in MAE and RMSE

- XLMRoBERTa based regressor are highly corellated to human annotation
- To-En pairs are relatively high correlation compared to From-En pairs
- Ensemble of different archetecture increase the prediction performance

Table 1. Pearson’s correlation on the development sets

Result and Conclusion

Table 2. Test result from official announce


