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[1] Snell et al., Prototypical Networks for Few-shot Learning, NeurIPS, 2017
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Ye and Ling, Multi-Level Matching and Aggregation Network for Few-Shot Relation Classification, ACL, 2019
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ProtoNet 51.03 78.61
ProtoNet + 1H:E =i Hzs 51.76 77.35
ProtoNet + tH:ERifHias + L 52.34* 79.52*
MLMAN 47.08 73.61
MLMAN + TH:E =l iHas 49.37 74.38
MLMAN + $8:Emihas + L 48.98 78.21*
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